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Meet the Speaker

Tasha Nagamine

Title: Co-Founder and CTO
Organization: Droice Labs

Tasha is an entrepreneur and seasoned technologist with 10+ years
of experience in Al, research, and tech strategy. She brings deep
expertise in RWD to build data-driven products that have processed
over 100 million patient lives. Tasha received her BS in physics from
Brown University and left a PhD in deep learning at Columbia
University to start Droice.
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RCT DATA JOURNEY: CONTENT VARIATION
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RWD: MASSIVE STRUCTURE AND CONTENT VARIATION
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p@e Transforming RWD for Regulatory Submissions: How to Use SDTM for RWD
d" Tasha Nagamine, Droice Labs & Sam Hume, CDISC. 2024.



Al MIDDLEWARE FOR RWD
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@Reliability @Speed & Scalability @Fit for Regulatory Use Cases ~ @HIPAA/GDPR Compliant



&

0
>
-

C

O
o -
—

Y YRR E )
. e .
. ot .

cdis¢

cessssessse@

eris@ese e
o e,

.

.

®---

.

. .

. .

R IREEE .



