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Probability of ... depends on the context
the next word

“With great power comes great ___ "

Function P( ) can be defined as an explicit dataset,
a heuristic algorithm, a simple statistical distribution,
a (deep) neural network, or anything else
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REVIEW

Prediction of Clinical Trials Outcomes Based
on Target Choice and Clinical Trial Design with
Multi-Modal Artificial Intelligence
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Table 4 Predictions and outcomes of phase Il clinical trials as of December 2022

Company ticker nClinkco Predicted  Actual catcome
and NCT 1D Indication Dug Modecular targetis) meta score Readout date owtcome ({Dec 2022) Ret
NVS Chronic spontaneous urticana Remibrutinib 8TK 0r7 September 11, 2022 Success Success 115}
NCTOS109313
NVS Pacoxysmal nectumal hemogiobinuria LNPO23 Factor 8 0.79 June 11, 2021 Success Success [15)
NCTO3896152
APTX Fibeormyaigla NYX.2925 GRIN1 0.09 August 12, 2022 Faidure Fallure $%)]
NCTO4147858
APTX Mid cognitive imparment or mild NYX. 458 NMOW receptors 0.35 february 27, 2023 Fature Failure 17
NCT04148391 dementia due to Parkinson’s disease or

Lowy body demantia
B810 Achondroplasia Infigratini FGFR1, FGFR2, FGFR3, 0.59 March 6, 2023 Succoss Success 17
NCTOS265651 FGFR4
awvi Cirrhosis and refractory ascites Terlipressin AVPRLIA AVPRI1SB, 0.5 March 13, 2023 Success Success 17
NCTO4112199 AVPRZ2
CORT Antspsychotic- Induced weight gain Miricorilant NR3C1, NR3C2 0.42 December 8, 2022 Fahure Fallure 117
NCTO3818256
CORT Anti-psychotic-inducod weight gain Minicondant NR3C1, NR3C2 0.42 December 8, 2022 Fature Fabure [17]
NCTO4524403
GOSS Puimonary artery hypertension Seralutinib CSF1R, KIT. PDGFRA, 0.42 December 6, 2022 Fabure Fallure 127)
NCTOL456998 PDGFRB
TRVI Isopathic pulmonary fibrosss cough Naibuphine OPRK1, OPAM1 0.37 September 19, 2022 Falure Fallure 117)
NCT04030026
AZN Proteinuric chronic kidney disease Atuliftapon FLAP 0.03 Novemnber 10, 2022 Falure Fabure 17
NCT04492722
CINC Un-controlled hypertension Baxdrostat CcrPi182 Q49 November 28, 2022 Success Fallure 117)
NCTOS5137002
HRMY PradesWilll Syndrome Pitolisant HRH3 0.27 November 1, 2022 Fabure Success 117)
NCTOS257929
BNOX Social anxaty disorder BNC210 CHRNA7Y 0.56 December 18, 2022 Succoss Fabure 17
NCTOS193409

cdisc
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'. T https://www.statnews.com/sponsor/2021/09/22/can-digital-twins-make-clinical-trials-more-efficient-without-introducing-bias/
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The methodology comprises three steps:

AN ‘ Step 1: Training and evaluating a prognostic model to predict outcomes under the control
_\‘ condition (generate prognostic score).
: Step 2: Accounting for the prognostic score while estimating the sample size required for a
& prospective study.
' Step 3: Estimating the treatment effect from the completed study using a linear model while
L » y } adjusting for the control outcomes predicted by the prognostic model.

https://www.unlearn.ai/

https://www.ema.europa.eu/en/documents/regulatory-procedural-guideline/qualification-opinion-prognostic-covariate-adjustment-procovatm_en.pdf
Siegfried, S., Senn, S., & Hothorn, T. (2023). On the relevance of prognostic information for clinical trials: A theoretical quantification. Biometrical Journal, 65, 2100349.
https://doi.org/10.1002/bimj.202100349
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Al-driven site selection can accelerate anrollment and reduce total trial
duration across therapeutic areas.

Total trial duration by therapautic area,” monihs
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“HEHK 31 1A - 191A
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LA 5485 35%
SRR 17108 - 1141H
wew fJEE (Oncology)
RIS 4a%E 16%
e ‘R 31408 - 26 1A

= 2
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1
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Al copilots can help clinical trial managers understand and address trial

delays.

Trial support from Al copilot [iilustrativa)
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Source: https://www.eclinicalsol.com/
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