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Meet the Speaker

Ayomide Fasemire

Title: Statistical Programmer
Organization: AstraZeneca

Ayo is a statistical programmer in the oncology therapeutic area at
AstraZeneca and a PhD researcher in Computational Structural
Biology at the University of Warsaw, focusing on Al to accelerate
drug discovery. He has experience on projects such as Al-based
solutions for medical image analysis and currently developing
technical solutions to improve standard adherence in clinical trial

analysis and reporting.



Disclaimer and Disclosures

. ("« The views and opinions expressed in this presentation are those of the
author(s) and do not necessarily reflect the official policy or position of
. CDISC.
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Introduction

What is the state of traditional search tools?
How efficient are they in retrieving info from standards Library?




Navigating a complex Standards library

. “» e« Clinical trials have grown in complexity, and so has the standards library
expanded and evolved.

» Finding relevant information in such intricate landscape remains largely
inaccessible for traditional search tools.
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-+ Traditional Search Algorithms
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Limitations

Complex
Queries

Struggles with
intricate question
structures

Hierarchical
Relationships

Inability to recognize
word hierarchies

Context
Awoavreness
Difficulty in

understanding the
surrounding text

ol

Synonyms
Handling
Challenges in

managing word
variations
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They are inefficient for navigating complex standards library
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Al Unlocks Smarter Access to Clinical Standards

* LLMs are used to convert standards metadata into structured, queryable
information.

« Map metadata to variables, enabling searchability.
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Al Streamlines Search process

Search for information related to clinical trial data
In natural language

Returns a list of related variables with contents
and exact location within standards specification.

Cd i's #ClearDataClearlmpact

11



Easy-access to standards enables adherence

» Benefits: ability to identify and infer dependencies between variables will
enhance consistency in mapping new information across studies and
Improve compliance.
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Data Preparation

Preprocessing




e:-;;;;-ff? Data standard metadata repository

* Rows with variable & label information (RAW, SDTM) was processed into
Json format
o (Exeel | —— =
... — — “content™: {
?fhéfﬁ “Library": "RAW",
SIS _ Dataset”: "OCUTQS",
i ( RAW to SDTM mappm% "Variable": "OCUTQSA47",
R specification — “Label™: "Sign-Other, Specify”,
- “"Map Definition": "Subset the data using the logic:
B “Map Mode": “APPEND",

“"Map Order™: 98.0,

“"Dataset.1": "QS",

“"Variable.1™: "QSORRES"™,

“Label.1": "Finding in Original Units",
“"Core™: "Exp"

Js

#ClearDataClearlmpact C Json format ) 14




Leveraging LLMs




Approach
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Demo
An Interface for retrieving SDTM mapping details
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Beyond Traditional

Comparison with traditional search




LLMs outperform tradition search algorithm

Task: Retrieve RAW to SDTM mapping information for “Eye Prophylactics” when
m “Ocular care measures” was used for search

different combinations of synony

Traditional search output

No results found

LLM output

“content": {

¥s

“Library": "RAW",

"Dataset™: "OCUTQS",

“Variable": "OCUTQS25",

"Label™: "Eye Prophylactics Details"”,
“"Map Definition": "Assign QSTESTCD with \"OCUTQS25\"",
"Map Mode": "APPEND",

"Map Order": 98.0,

“Dataset.1": "QS",

“Variable.1": "QSTESTCD",

"Label.1": "Question Short Name",
“"Core™: "Reg"
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Takeaways and Limitation




Data Quality

» The model output is largely dependent on the quality of internal metadata
repository. Response are only as good as the source data.

» LLMs output are not 100% accurate, it is good practice to manually inspect
identified studies for relevant metadata that might have been missed.

» Post processing steps might be required to present output in an expected way

» This approach could be expanded to include COLLECTION, ADaM, TLF
standards metadata for fast and efficient information retrieval.
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Future Directions




Conclusion

» As LLMs and specialized models improve, we can maximize them to
navigate complex standards library more efficiently and conveniently.
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