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Background Introduction
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Background Introduction
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Background Introduction
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(o aCRFERMETE Project / Form

Form IC

Form Name: MERE+H

PageNumber: 7  IsAnnotation: Yes
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Domain Mapping
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TREMH
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BE/iE/BMI

Form Name
Adverse Events
Tumor Results

Exposure

Domain
AE
MH
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AE
TR
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Variable Mapping

PR

Field OID Field Name Action
AESTDAT s BEA AESTDTC
AEYN TRELUNE, BEELAEFTREN? DROP
AEONGO Pk S SUPP
==
FEM AR

Form OID Form Name Action
AESTDAT Start Date AESTDTC
AEOTHER If Other Serious Situations, plesae specity SUPP

Has the subject experienced any new or
AEYN changes to adverse events since signing the DROP
informed consent?
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NLP

. . .
L ® 0




“.* {4 + Word2Vec + BERT

+ ESAHHE SR

< pestoaT TR, AR RRTEHER TSR EIRT
o1 e
£ AEONGO

Field Name o A3z 5riA):fE Fjieba iR X X AHI T 57

o T iaERNIKk S 1E) ST LA BT 9
R Word2Vecxt =X ARiH#ITiRE =2 R 7K.
« FRAFUNIZBERTHRE X PR AHITIEN EI=

EERE %§HT

Frin B
ITHELBE, RERETRREN?

cdisc 5



AR

: 1, 3BOIDFINameHHER R BHITRIE N
o 2, #BOIDFNINamey Bl E £ BHHER KR
-+ 3. BIERAOID 8

4, Hin{EHName

55.32
32.33 34.12

e 4

©

e 4

<

) I . .

Y

o - 16

SHFIaE HiAERESH 2IREERAOID 23 EAName

cdisc



NLP

Mord -

=y

Bert

-
-G
&

cdisc o



Machine Learning Model
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SAEYN

.1 OID:SAEYN .
- NAME: Serious AE?

e AESER:6
e DROP :1
oy SUPP :1

-+ SAEYN ==> AESER
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Low-Cost Setup
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1 dimport pandas as pd
o| 2 |frem sklcorn.feature_extraction.text imort XfidfVectorizar iction.text import TfidfVectorizer
: 3 from sklearn.model selection import train_test split SOD s . 13
: 4 from sklearn.naive_bayes import MultinomialNB ton. amport train_test split
H C e tmport MultinomialNB
6 —
i 6 # RPHIEFdat df &, H — A Etextl, FH = Fiftext2, FH = & Label _ _
: N7 srafranss o - . e H,H A Etextl, H = FiEtext2, H = F{ELabel
* 8 # iftextlMtext2H FiM {7 G5B }XISXH)
: 9 vectorizerl = TfidfVectorizer() .ﬂ$j§éﬁ
o 1 i Sl izecl) tzer()
: 1f df["Name"] = df["Name"].apply(lambda x: " ".join(jieba.cut(x))) lzer()
i 1p df["0ID"] = df["0ID"].apply(lambda x: " ".join(nltk.word_tokenize(x))) | "1.fit_transform(df["0ID"])
i 1% ~2.fit_transform(df["Name"])

! 14 textl_vectors = vectorizerl.fit_transform(df["0ID"])

? 15 text2_vectors = vectorizer2.fit_transform(df["Name"])

1 16 ws.toarray(), text2_vectors.toarray()])
$ 17 # HEEARE AW

19 y = df["Class™]

¢ i? # DS LR RN T A y_test = train_test_split(
: t5 i —

? 22 X_train, X_test, y_train, y_test = train_test_split( FIRE L

4 = X, y, test_size=0.2, random_state=42

')

: 2

i 26 # ERIE IR HE
27 nb = MultinomialNB()
28 nb.fit(X_train, y_train)

29
30 # WENEE LY e(X_test, y_test))
31 print(“"Accuracy:", nb.score(X_test, y_test)) ]

NAccuracy: ©.5819672131147541 | ————



R R SHA

° A C )
FormOID FieldNo FieldName ControlType

® |AE AEYN Has the subject experienced a|7) - £3%4Z A

. AE AELBL Yes, record each adverse even 3R 5= A
AE AETERM Adverse Event Term KX& A

o AE AESTDAT Start Date B #A#E A
AE AESTTIM Start Time B #A1E A
AE AEENDAT End Date B #R1E A
AE AEENTIM End Time B HR+E
AE AEQUT Outcome THitE A
AE AEIG Grade THiiE A
AE AEREL Relationship to IMP TIiE A
AE AEACN Action taken with IMP THifE A
AE AEACNP If Other, please specify KXF A
AE AEACNO Action Taken with AE HIRIE A
AE AEACNOS If Other, please specify KX& A
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Thank You!
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