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Why AI/ML?
Five Reasons Why AI/ML Should be Top of Mind



Why AI/ML?

By now, most organizations have experimented with implementing a machine learning (ML) solution or playing
with prototypes of artificial intelligence (AI) algorithms. While the use cases of AI/ML have been exponentially
increasing, many organizations — including commercial, nonprofit and government agencies — have not
factored AI/ML into their business strategy.

- Forbes
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AI/ML in Clinical Research
Apply AI/ML in CDISC Submission
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Future State Data Flow
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AI/ML in SDTM/ADaM
How can we do?
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Training & Re-Training the Pre-Trained Model
SI

M
 P

re
-T

ra
in

ed

SDTM Industry 
Model (SIM)

● SDTM Data Model
● SDTM Implementation Guide
● NCI CT
● Clinical Trial Data from Industry
● CRF (Digital format)
● Digitized Protocol

SI
M

 S
po

ns
or

 -
G

lo
ba

l
SI

M
 S

tu
dy

 
Im

pl
em

en
ta

tio
n

● Study Transformation 
Maps

● Study Custom functions

SIM – Sponsor Model

Model Train Pathway

4

Core Model Training

● CDISC Therapeutic Area User Guides
● CDISC Questionnaires, Ratings & Scales (QRS) 
● Industry Clinical Trial Data 
● FDA Technical Conformance Guide (TCG)
● FDA CBER Guidance

SDTM Functional/ 
Business rules Training

● Raw Sponsor Data & Metadata
● Target Sponsor SDTM  standards
● Sponsor  SDTM Global 

Specification

Sponsor SIM Training

● Global Sponsor Transformation 
Maps

● Global Codelist  maps
● Global Reference data
● Global Custom functions

Sponsor Global 
Transformation Metadata

Re-training on multiple 
sponsors’ data

Training

Re-training with 
single sponsor’s 

data

Prediction 
with SME Input

Study 
Transformation 

Metadata● EDC Data & Metadata
● External or other study data & 

Metadata
● Reference data

Study Data

SAS/Python
Transformations

SDTM Datasets

1 2

4

5
6

7

8

Prediction 
with SME Input9

10 11

Study to Global 
Metadata promotion 
process 13

8

12

14

15

3



CDISC 2022 US Interchange | #CDISCUS #ClearDataClearImpact

How Does a Model Get Created and Go in to Production
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AI/ML still a Day Dream?
Don’t think so!
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AI/ML is only a part of the puzzle
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Source: https://www.innoplexus.com/blog/can-ai-enhanced-data-analytics-accelerate-clinical-trials/

Why do we need AI in Pharma/Life Science

20%

30%

30%

How AI Enhanced Data Analytics can Accelerate Clinical Trials

of studies run more 
than one month 
behind schedule

of the time enrollment 
timelines exceed 
planned timelines

of studies fail 
because they fail to 
enroll patients

Reduction in 
average time

Reduction adding 
sites mid study

Decrease in 
variance from plan

Challenges in Clinical Trials Results Achieved with AI

https://www.innoplexus.com/blog/can-ai-enhanced-data-analytics-accelerate-clinical-trials/


In Summary …  
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Thank You!
Apple is one of the most innovative and respected company in the world. Apple makes products such as iMac, iPhone, 
and iPad, but we don’t really consider Apple as a manufacturing company. The reason is simple; Apple is not selling 
products, but Apple is selling experiences. With its user-friendly and AI-driven apps, Apple is providing the devices that 
people enjoy a great user-experience with. Apple is doing all these with data and Machine Learning. 


